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Abstract ; The massive volume and multiple dimensions of germplasm data have caused the low efficiency of

data mining. This problem is envisaged in this paper by presenting a Hadoop-based data mining platform for crops

germplasm after detailed analysis of cloud computing technology and its solution. Different functional modules will

also be discussed in detail ,based on which,specific development programs of the platform are also to be proposed.

The efficiency and feasibility of the platform will be verified through efficiency tests of improved classic Apriori algo-

rithm.
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Table 1 The results of association rules

5 SR (% ) BAGE (%) SRIAL

No. Support  Confidence Asocciation rules

1 64. 4 94.0 URIBAR - #18 ]= [ KR - 7K ]
2 75.5 93.5 UK - A5 ] = [ KB - K]

3 71.3 93.4 [kt -] = [ KB -7K]

4 60. 0 93.4 [ HIAE — Kl KB - 7K 1= [KikE - K]
5 61.1 93.1 CHIAE — Al ] = [ K54G - K6

6 71.6 93.0 [k -] = [ KK -]
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Table 2 The experimental results of statistical analysis
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AT s Bl (Mb) .
Standalone Platform
Test No. Data size
time-consuming time-consuming

1 8 5 5

2 15 9 8

3 30 16 15

4 60 28 25
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